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Abstract:

Recommendation systems are crucial technologies in many modern applications such as e-
commerce, social networks, and digital streaming platforms like Netflix and YouTube.
These systems provide personalized suggestions to users based on their past interaction
data or the characteristics of the content they engage with. One of the most significant
challenges facing these systems is the Cold Start Problem, which occurs when it is difficult
to provide accurate recommendations due to limited or new user interaction data or item
information. This issue becomes more complex when dealing with new users or unknown
items.

To address this problem, the BERT deep learning model was utilized to enhance the
system's ability to provide accurate recommendations based on textual features of users, in
addition to leveraging demographic data such as age and gender. This approach has proven
effective in improving the performance of these systems, achieving a text classification
accuracy of up to 96%, demonstrating the model's strong generalization capabilities on
new data. Furthermore, the BERT model showed superior efficiency in this study
compared to the Neural Collaborative Filtering (NCF) model.

Keywords: BERT Model, Cold Start Problem, Neural Collaborative Filtering (NCF).
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